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ABSTRACT. — We study the a.s. exponential stability of the optimal filter
w.r.t. its initial conditions. A bound is provided on the exponential rate
(equivalently, on the memory length of the filter) for a general setting
both in discrete and in continuous time, in terms of Birkhoff’s contraction
coefficient. Criteria for exponential stability and explicit bounds on the
rate are given in the specific cases of a diffusion process on a compact
manifold, and discrete time Markov chains on both continuous and discrete-
countable state spaces. A similar question regarding the optimal smoother
is investigated and a stability criterion is provided.
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RESUME. — Nous étudions la stabilité du filtre optimal par rapport a
ses conditions initiales. Le taux de décroissance exponentielle est calculé
dans un cadre général, pour temps discret et temps continu, en terme du
coefficient de contraction de Birkhoff. Des criteres de stabilité exponentielle
et des bornes explicites sur le taux sont calculés pour les cas particuliers
d’une diffusion sur une variété compacte, ainsi que pour des chaines de
Markov sur un espace discret ou continu.
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1. INTRODUCTION

To a Markov process z; on a state space S, we attach an observation
o-field F; generated by an observation corrupted by Gaussian white noise
(precise definitions are postponed to Section 2). The optimal filtering
problem consists then of computing the conditional law of x; given F;.
This work is concerned with the asymptotic dependence of the optimal
filter on its initial conditions, and the relation between this dependence and
the corrupting noise intensity.

It is known since the work of Kunita [12] that under mild conditions, the
conditional law, viewed as a random process taking values in the space of
probability measures, is stationary when appropriately initialized. Stettner
[18] shows that whenever the state process is a Feller Markov process
converging in law to its unique invariant measure, so is its conditional
law. Actually, cf. [19], the joint law of the state and its filtering process
is Markovian even if the filter is wrongly initialized. It thus seems natural
to investigate the rate of convergence and to study the sensitivity of the
optimal filter to its initialization with the wrong initial measure. This issue is
also highly relevant for numerical and practical computation of the optimal
filter or its approximations, for almost never does one have access to the
true initial distribution.

Several approaches exist to analyze this sensitivity. In a recent article
[14], Ocone and Pardoux have studied L? type of convergence, and showed
that actually, the nonlinear filter initialized at the wrong initial condition
converges (in an L? sense) to the nonlinear filter initialized at the correct
initial condition. In particular cases (most notably, the Kalman filter), this
convergence is exponential. In general, however, no rates of convergence
are given by this approach.

Another approach, first suggested in [7], is to use Lyapunov exponent
techniques. Building on Bougerol [4], it is shown in [7] that under suitable
algebraic conditions, the dependence on initial conditions of the optimal
filter of finite state Markov processes observed in white noise decays
exponentially. This approach was recently extended in [1], and the question
is essentially resolved in the case where the state process is Markovian with
finite state space. In particular, the decay rate is shown to be related to the
Lyapunov exponents of the Zakai equation, and, with good observation, to
increase as the perturbing noise becomes weaker.

Below we provide bounds on the convergence rate of the filter to its
ergodic behaviour in a more general setting. The technique is based on
considering the unnormalized filtering process as a positive flow in the
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space of measures, acting on the initial measure, and then bounding the
amount of contraction generated by the flow, at a discrete skeleton of
time instances. To this purpose, we have found the Hilbert metric and
the related Birkhoff contraction coefficient, most appropriate. The idea to
use this approach originated from a result of Peres {16, Prop. 5], where a
related question is treated, concerning the contraction of finite dimensional
random operators. Next, we treat specific filtering models, for which we
prove exponential convergence rate, and, when possible, provide explicit
bounds on the rate. The question of sensitivity of the optimal smoother to
its initial conditions is then addressed and a stability criterion is provided
for a diffusion processes setting.

The rest of the paper is organized as follows. In Section 2, we define
the setting of the optimal filtering problem we deal with, quote a general
result of Birkhoff concerning positive operators, and use it to formulate a
bound on the decay rate referred to above. This bound is used to deduce
more specific results in the special cases, treated in the succeeding sections
3 and 4. In Section 3, the discrete time filtering problem is treated. First, a
general uniform bound on the decay rate is obtained, depending only on the
faw of the state process itself. Then, in the case of a bounded domain one-
dimensional state process, observed via a one-to-one observation function, it
is proved that the decay rate converges to oc as the perturbing noise intensity
becomes smaller. In Section 4, bounds are derived for the filtering of a
diffusion on a compact manifold, observed in white noise. In Section 5. a
discrete time, countable state space process is treated, with an approach that
is independent of the general results of Section 2. We provide a bound on
the decay rate in the weak observation noise limit, which, in special cases,
including the filtering of a nearest-neighbour process, is shown to provide
the exact asymptotic behaviour. Finally, the smoothing stability question
is treated in Section 6, a relation between the filtering and the smoothing
questions is observed, and a bound on the decay rate is obtained.

2. GENERAL SETTING AND A BASIC ESTIMATE

Let T denote either R or Z, (cases which we refer to as continuous or
discrete time, respectively), and consider a homogeneous Markov process
{@+}ter on the probability space (£1,,B.,{B.(t)}ier, P.) defined as
follows. Let the state space S be a Polish space and let & be the o-
field of Borel subsets of S. In continuous time we set €1, to be the set of
all mappings from R, to S which are RCLL and equip it with Skorohod’s
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700 R. ATAR AND O. ZEITOUNI

metric relative to the metric defined on S. Let B, be the Borel o-field
on Q, w.r.t. this metric. For t > 0 and w € €, let z;(w) denote the
value of w at time ¢. For ¢ > 0, let z|j,4 be the restriction of x to [0, ¢].
Let B,(t) = o{z|jo4} be the smallest sub o-field of B, for which all
x| [0,s) are measurable. We assume that the semigroup G,,t > 0 associated
with the transition probabilities P;(z,-) is a Feller semigroup ie., if f is
any continuous function on S then so is G f, and lim,_o G¢f(z) = f(z)
uniformly on S. The infinitesimal generator of G is denoted by L. In
discrete time we set €, = [[i2, Si, Bo(t) = Vi, Si and B, = \/{2,' S
where (S;,S;) are all identical copies of (S,S), and denote the transition’
kernel by G(-, ). A Markovian family of measures P o € 8 is defined
on ({,,B,) in continuous time by

PNz, € Ey,...,x;, € E,)

- / th(a»dwl)"'th—tn—1(:‘vn—17d$")
E\x---xE,

where 0 < ¢; < -+- < t, and Ey,..., E, € §. In discrete time Péa) is
induced by G(-,-) on (€2, B,) in a similar manner. With any probability
measure ¢ on (S,S) there will be associated a Markovian measure P72
defined  as

P =/P§a>q(da).
S

Further, let {v,};er be a process on (Q,,B,,{B,(t)}:er, P.) defined as
follows. In continuous time, 2, is the set of continuous mappings from R
to R?, B, is the Borel o-field w.r.t. the sup-norm, and B, (t) = o{v|po 4},
where v|[g 4 is defined similarly to the above. Let P, be the d-dimensional
standard Wiener measure on (€2,,B,). In discrete time {v4}icz, is a
standard normal random walk in Z¢ starting at the origin. Now let
Q=Q,x%xQ, B=DB,xB, and P! = P! x P,. We fix a specific
measure po on (9,S) that will be called the “exact” initial distribution of
{2:}+er, and denote P, = PP°, P = PP°, Expectation w.r.t. P4 (P, P(%))
will be denoted by E? (E,E(™, respectively). Let g : S — R? be a
measurable function, and let the observation process on R? be defined by

t
ytz/g(ws)ds-FVt te Ry,
0

t
ye=Y glz)+w tel,
1
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EXPONENTIAL STABILITY FOR NONLINEAR FILTERING 701

where by convention 2(1) = (. We shall denote the observation filtration
of sub o-fields by

Fi= 0{9‘[0,t]} teT.
We shall sometimes also use the notation
fs,t = U{yl[s,t]}a 0 S 5 S. tefT.

The filtering of z; based on F; is defined as the conditional distribution of
x; conditioned on F; i.e., for all measurable bounded f,

pi(f) = EUf(x)| ] teT. (1)

We denote the “exact” filtering process by p:(f) = pi°(f).

In the continuous time case, under further assumptions of compactness
of S and continuity of g, it follows from Kunita [12}, Theorem 1.1 that
{p:}.t > 0O satisfies the Kushner equation namely,

P f) = polf) + / pu(Lf)ds

+ / (po(£9) = po(F)palg). dys — pulg)ds), f € DIL).

Zakai’s approach of the reference measure provides another expression
for p,;, in terms of a bilinear SPDE [20]. Motivated by this approach, we
define the reference measure Py on (2, B(#), B) as follows: PO(Q)(A NB) =
P (A)P'(B) for all A € B, and B € B', where B' is the smallest sub
o-field of B for which ali y;,0 < ¢t < oo are measurable. P’ is a standard
Wiener measure in the continuous case, and a standard normal random
walk in the discrete case. This defines the joint law of x and y, and since
v is determined by z and y, also the joint law of x and v. Define similarly
P§ and P,, and denote by E’éa), FE and E, expectations under PO(Q). Pl
and P,, respectively.

Define now on (£, B(t), B, Pj) the process
t 1 i 7
A= ([ ate an) - 5 [latealPas) eeri 2
Ae = exp (Z<g<m> Ag) - ,)Zugu n) "

tez,\ {0}, Ao_l,
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702 R. ATAR AND O. ZEITOUNI

where Ay; = y; —y;_. Assume that Ef(; lg(xs)||?ds < oo forany t € R,
Then A; of (2) is a martingale. It follows from Girsanov’s theorem [13],
chapter 6.3, [10], chapter 3.5, in the continuous case, and from Bayes’
rule in the discrete case, that for every ¢ € T \ {0}, the restriction P%*
of P9 to B(t) is absolutely continuous w.r.t. the restriction Py of Pj
to B(t), and that

dpat

dpPgt

t-

It follows that for any measurable bounded function f, P?-a.s.,

() = %‘Q (4)

The unnormalized conditional measure pf (f), ¢ € T, defined by
pi(f) = Eg(f(z) A F2), (5)

therefore has the property that pj(f) = pi(f)/pi(1). Since S is assumed
to be a Polish space, (! with Skorohod’s metric is itself a Polish space.
The map zf, — z; is measurable, and thus there exists a regular conditional
probability distribution [15], pp. 146-7

Po(a)(‘ |-7:t,l’t = /B)a
satisfying for B € B(t) and A € S

PI(B N {z, € AY|F) = / P (BIF,, 2, = AP (z: € d).
A

We thus obtain from (5) by conditioning first on {F;,x:}, the following
representation for the unnormalized conditional distribution

A0 = [ [ 106 d e fisatdo). (6)
where we define

L(a, B;38) = ES (M| Foy 2 = B). (7)

We shall also use the following notation for any finite measures u, A and
a measurable function f on (S,S) :

Mu: 1yt = o, 3yt o .
R )(f) = /S [5 I(or, B ) £ (B)(der)A(dB)
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In order to be able to compare different filtering processes (namely, pj(f),
for different values of ¢), we use (4) and (5) to define pi(-) and pi(-),
respectively, as stochastic processes on the common probability space
(Q,B, P), as follows. We first regard, for each ¢, equation (4) as the
definition of a mapping y|(o+ — p{. Then, the law of p{ on (2, B, P) is
induced from that of y; on the same probability space by this mapping.
The definition of p] is similar.

Our goal is to study the behaviour under P of the asymptotic rate

v(g,q') = 1i§n sup % log drv (p{. pi ). (8)
We shall establish exponential stability of the filtering process by providing
conditions for y(g, ¢') to be negatively bounded, uniformly in g and ¢’. Note
that whenever either the Kushner or the Zakai equations apply, this provides
exponential stability of these equations w.r.t. their initial conditions (see
[8] for a study of the related topic of Lyapunov exponents for a general
bilinear SPDE).

We now deviate to some classical definitions and results regarding
Hilbert’s metric and contraction of positive operators, which we adapt
to our setting. Thus we focus on positive operators on finite measures. Let
V be the vector space of finite signed measures on (S, S). Define on it the
partial order relation < by A < u for A\, u € V iff A(A) < u(A) for every
A € 8. Let C C V be the resulting positive cone. Then A € C iff A is a finite
non-zero measure on (S,S). Moreover, V is an integrally closed, directed
vector space (see [3], pp. 289, 290 for definitions). Two elements A, € C
are called comparable if ol < u < B for suitable positive scalars «, 3.
The Hilbert metric, also called the projective distance, on C is defined as

SUPses p(4)>0 A(A)/u(A)

h(A, pn) = log -
) = o o NA) )

if A, 1 € C are comparable

(9)
and A(A, ) = oo otherwise. The function h defined above is a pseudo-
metric on C (see e.g., [3], chapter 16 or, in a discrete setup [17]) and hence
is a metric on the space of all probability measures on (S,S) that are
comparable to any fixed measure Ay € C.

Let now K be a linear positive operator on V i.e., which maps C into
itself. Then K is a contraction under the Hilbert metric and as has been
shown by Birkhoff [2] and Hopf [9] (see also [3] chapter 16, [17])

h(K X, Kp) H(K).

(K= sup ~————> =tanh

(10)
O<h(A,p)<oo h(/\/ﬂ) 4
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704 R. ATAR AND O. ZEITOUNI

where H(K) is the h-diameter of the transform KC of C under K i.e.,

H(K) = sup h(KX\ Kpu).
A pEC

The function 7 defined in (10) is called Birkhoff’s contraction coefficient.
We shall denote by P the subset of C of probability measures on (5, S).

Note that if for a specific A € C, the operator K has the kernel
representation

Ku(f) = / / (o 8)£(8)n(da)A(d), (11)

where K (a,[3) is non-negative, then

K(a, p)E (o, )
K(a, B)K (!, B)

H(K) = logess sup (12)

with the convention § = 1 and § = co. The supremum above is strict over
a,a’ € S, and is essential over 3,3 € S w.rt. A

Back to the filtering problem, let now g € V be any signed measure, and
for t € T let Jo; : V — V denote the (F;-measurable) mapping g — pi
defined by equation (6). Hence, for ¢ € P, p{ = Jo.q. Next, for s,t € T
with s < ¢ define J, ; = Jy +_, 00, where 8, is the shift operator on 2. Thus
Js.+ 18 a positive linear operator on V. Moreover, the smoothing property
for the conditional expectation implies that for g € P and 0 < s < ¢

pi = Js1do,sq- (13)

We assume that there exists a unique invariant measure, p,, of the
Markovian family P (associated with the state process), and let the
stationary measure be denoted by P, = PP (and £, = EZ°). We assume
the following ergodicity assumptions of the state process.

ASSUMPTION Al. — P; is ergodic.

AsSUMPTION A2. — The measures F, and P, are mutually absolutely
continuous on the tail o-field.

Our basic estimate will be the following

THEOREM 1. — Let the assumptions of section 2 hold for either T = 7+
or T = R*. Let § € T\ {0}. Then the following hold.
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(a) For any comparable q,q' € P, P-a.s.,

N L ;
’Y(‘LQ) < SEe 10g7’('70‘6)- (14)

(b) If for every a € S, Gs(a, ) is absolutely continuous w.r.t. a specific
measure \ € C, then for any comparable q,q' € P, P-a.s.,

H(G H(I M-8
Y(g,q) < %Eslogtanh (Gs) + 4(16( ,yo)).

(15)

(¢) Ifforevery o € S, Gs(a, -) is comparable to a specific measure A € C,
and Is(o, B;y8) can be bounded above and below by positive bounds that
do not depend on o and (3, then (14) and (15) hold P-a.s. for any q,q' € P.

To prove Theorem 1, we need the

LemMMA 1. — Let A, € P. Then

dry (A ) = 2sup |A(A)—p(A4)] < 2A (" 1) < h(X, ). (16)
Aes

~ log3

Proof of Lemma 1. — In case that A and p are not comparable (16)
holds trivially. Otherwise set A = {4 € S : A\(4) > pu(A4) > 0} and
A = {A € S : u(A) > A(A) > 0}. Note that A cannot be empty.
Moreover, since if A’ is empty it follows that A = p with which (16) again
holds trivially, we shall assume the contrary. Thus we have

A4) _ AA4) u(B) h(A ) : '
1S/L(A)S}J,(A))\(B)Se Ac A Be A

which implies
0 < AA) — p(A4) < p(A)(e™ —1) Ae A

0 < u(B) = A(B) < A(B)("* - 1) Bed

dry (A p) = sup A(A) = p(A) — MA®) + p(AS) < )

AcA

and (16) follows. [

Proof of Theorem 1. — For either t € Z, ort € Ry let n = [%] Use
Lemma 1, the insensitivity of h to multiplication by a positive scalar, the
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property (13), the deﬁnition (10) of 7 and the fact that T(~) <1 to get

1 ’
< —logh(p!,p!) = logh(p?,ﬂ?)

1 2
;bgdrv(p?,p?) logl 357

1
< - 7 log h(Pné,pms)

1 h(pls, pl h(pg, p
:tlog q( : q’6) o }(L((S 6)) ( Q)
h(p(n_1)57 P(n_1)5) 4,q
n—1
<z Zlogfuw i+0s) + 1og hg.q). (17)

Since log 7(Js,(i+1)s) depends only on (z|js,(i+1)s], Vliis,i+1)8] — Vis)» the
result (14) follows from Assumption Al and Birkhoff’s ergodic theorem,
for P, = P,. Since (14) is a tail event, Assumption A2 implies part (@)
of the theorem.

_Next, under the absolute continuity assumption, let Gs(a,dp)
Gs(a, B)M(dB) and define Jys(a,B) = Gs(a,B)Is(a,B;y5). Then by
(6) we get

Iosla)() = o4(1) = [ [ Josten8)B)atda)@9).

Thus Jy s has the kernel representation (11), and (12) can be used. We have
Jos(, B)Jos(’, B')
Jo s(a, B')Jos(, B)
< logess sup— Gs(a, ﬂ)G‘s( )

Gs(a, ﬂ’)Gé(a B)
Is(a ﬂﬂ/o)[&(a o' yo)
( 7[7',: yO)I6(a 7/67 yO)

= H(Gs) + H(I3(-395))-

Now (15) is deduced from (14) using (10). As for part (c), note that

d(«]oéq (8) = /G o, B)s(a, B yo) (da).

Therefore, since by assumption both G and I are bounded, the R.N.
derivative above is bounded above and below (by bounds that do not
depend on (), and pi and p5 must be comparable. Thus the argument
expressed in (17) holds where h(g,q') is replaced by h(pi, p} ) O

H(Jy;s) = logess sup

1
+ log ess sup I,

Remark. — Note that ergodicity of the process g(z.) would suffice instead
of that of z,. In that case P, is to be understood as the measure P? with
the appropriate g to make g(x;) a stationary process.
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3. THE DISCRETE TIME CASE

In this section we are concerned with the case where the state process
is a discrete time Markov chain. The filtering of a continuous time
process observed in discrete time is a special case of this setting, if
we understand the transition kernel G(-,-) as that of the propagator of
the continuous process, at time equal one observation-period. We keep all
the assumptions and definitions of section 2 in the case T = Z,. We
denote by G the unconditional discrete time propagator at time 1 i.e.,
Gu(A) = [, G( w(dz) for any A € S. Note that in this case I,
defined in (7) is g1ven by

taupind) = o (6980 - JlaAF). (19

The latter is independent of « and hence if g is bounded, H(I1(-;y})) = 0.
Moreover, if the unconditional kernel satisfies the condition

cipo(r) L Gle,-) Seapor) z€S (19)

for positive constants ¢y, ¢ and a pg € C, then by definition (9), A{(GA, Gp)
is uniformly bounded for A, i € P. Hence by the right hand side of
(10), 7(G) < 1. In the latter case, note also that for every ¢,q' € P
(not necessarily comparable) pi and p‘{’ are comparable. Therefore as a
corollary of Theorem 1 we get

COROLLARY 1. ~ Assume that the state process {x, }ncz+ is ergodic, the
transition kernel G(-,-) satisfies (19) and that g is bounded. Then for any
q,.¢ € P, P-as.,

Y(q.4") < logT(G) < 0.

Next we treat a specific example in which the state space is the unit
interval and the observation function is real-valued and one-to-one. We
assume that the observation process is given by

= Z o7 g(x;) + v
im1

The positive scalar o is used to parameterize the observation- (or
equivalently, the noise- ) intensity. Below we use the notion ~,(-,-) for
v(-,-) defined in (8), to denote the dependence on ¢. In what fol]ows
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we assume that the measures G(z,-) and p, have densities w.r.t. the
Lebesgue measure on S. Thus we let G(x,-) and p,, denote these densities
rather than the measures and for a measurable f on S, x € S we
write Gf(y fs G(z,y)dy. The specific assumptions and result
are summarlzed below

THEOREM 2. — Let S = [0,1] and assume that G(-,-) € C3(S?). Let
q,q € P and assume g € C*(S). Assume moreover, that both G(-,)
and the derivative § are positively bounded from below (on S? and S,
respectively). Then

lim sup —l(—w

< -1 a.s. (20)
o0 og >

Remark. — A direct computation shows that both in the Gaussian case
the behaviour is in Q(o™?). In view of these facts, it seems that the above
result is not the optimal possible (see also the remark after this proof).

Proof.

An(B) = exp (a‘lg(ﬂ)Ayn - 50“292(@) (21)

and let the linear operator 7, be defined by

T.f(8) = An(B)GF(B)- (22)

Then it follows from (6) and (18) that p,(8) = T,pn—1(f5). Since by
assumption on G(-, -), x; must be ergodic, Theorem 1 can be used. We take
0 = 2 in (14) and apply equality (10). Our goal is to show that

Eglog7(Jo2) <

-1. (23)

lim su
o0 P 2log (—}

Let f be measurable and bounded, and write the explicit expression for
1T f as

T f(w) = As(w /G (v, w) /G u,v) f(u)dudv.

Let 9(T2T1) = exp(—H(Jo2)). Then, noting that the factor A, cancels
out, it follows that

. Jo A1(v)G(u, v)G(v, w)dv
Y(T21h) _uu’lurilfu’es f;A (v)G(v,v)G(v, w)dv
fs Al(v )G(v',v)G(v,w)dv
fs v)G(u,v)G(v,w)dv

(24)
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We show below that the integrands in (24) are controlled by the behaviour
of A, which tends to concentrate on one point as ¢ — 0, causing the cross-
ratio to converge to 1. Substituting ¢ = g{v), using the differentiability and
monotonicity of g and the definition of A, (21), the first integral in the
numerator of (24) reads

. 1 L .9 o L )
‘/H(S) @) exp (% - %) G(u, g (0))G(g~ (D), w)dv

= / h(u, 9, w)dd,
9(S)

where by assumptions on g we have g(S) = {g(s)|s € S} = [g(0), g(1)].
Dividing h(u, 9, w) by v27o exp(y?/2), which does not depend on wu, w,
it follows that

WLh) = | inf o T o) B, 5 0)5 [ o) Bw 5ar)ds )
where
N h(u, b, w)
) = a4 2)
_ 1 1 (D — oyq)? 1. .
= 7 o (-5l )6ty 006l ).w)

For ¢ > 0 define now A = {y1]|oy: € [g(0) + €,9(1) — €]}, and recall that
oy; = g(zs) + ovy. Then

Pu(yr ¢ A) < Pulg(es) € [9(0) +26,9(1) = 26 N |or| 2 ¢)
+ Ps(g(zs) & [9(0) + 26, g(1) — 2¢]) < 6(6_52/2”2 +o),

for some constant ¢ independent of ¢ and o, provided that o is sufficiently
small. Since 7 is always < 1 it follows that

E log1(Jo2) < Esllog7(Jo2)|yr € A]Ps(11 € A)
< Elog m(Jo2)ly € Al(1=c(e™ /%" +¢)). (26)
We thus assume y; € A from now on. For M > 0 let us divide the

integration region in (25) according to |0 — o3| > oM and its complement.
Note that

0< / _ h(u, 9, w)do < Lexp(—M?/2)  (27)
Jg(S)N{:|[v~0oyi|>oM} o
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710 R. ATAR AND O. ZEITOUNI

for some constant ¢; > 0, and that if we keep Mo < € then
gS)N{v: o —oy| <oM} = {0: |0 — oys| < oM}. Thus it follows
from (25) and (27) that

flfz—oyllsaM h(u, 0, w)dv
h(w, 0, w)dv + 2 exp(—M?/2)

flﬁ—oyllﬁoM h(v', v, w")do
h(u, ¥, w")dd + < exp(—M?2/2)

> .
w(TQTl) - u,u’,lwn,fv’ES fl

t—oy1|<oM

X (28)

f| v—oy1|<aM
Expand now the function

U = —1 u, g~ H(© @), w

with respect to ¥ around oy; (note that y; € A) to get
(p(uv v, w) = ‘p(u’ 0Y1, w) + 502(1% 0Y1, w)(’D - Uyl)

1 . 1 - :
+ 5@22(% oy, w)(0 — oy1)® + 690222(%5,10)(71 —oy)’.
Here | —oy1| < |0—oy1|; the derivatives with respect to the second variable
indeed exist and are continuous due to the differentiability assumptions on

G(-,-) and g(-). The integrals in (28) may thus be estimated by

. 1
/ h(u, 9, w)do = @(u, oyy, w) + =0 par(u, oy1, w) +res (29)
(i—ovi|<oM 2

where
1 2
|res| < / max |@age|(cM)3dd + coe™™
lo—op|<oM V270
< cs(o¥M* + e_MZ) (30)

for some cy,c3 > 0, independent of ¢,0 and M, provided that M is
sufficiently large. Setting M = o~'/8 so that 0> M* = 0>, and combining
(28), (29) and (30), it follows that for y; € A
$(TN) > inf AV (31)
where
1 2 2.5
(p(u, oy, w) + 59022(’&, oY1, W0~ — c40°7)

1
g’ x(p(u', oy1,w') + 5‘/’22(“',0111710/)02 - cq0*?)
w,u’ = 1
(v, oyr, w) + §<Pzz(U’,0yl,w)cr2 + c40??)

1
X(‘P(Ua Uylawl) + 59022(“,0:1!1,’111/)02 + 6402'5)
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Noting that o(u, 0, w)e(u, 0, w')/[p(w, 0, w)p(u,v,w’)] = 1, and
moreover that ¢ and 9o are bounded while ¢ is bounded away from
zero (all bounds are uniform), it follows from (31) that for 3, € A,

’lp(Tng) Z 1-— C5(1'2 (32)

for some ¢5 > 0 provided that ¢ is sufficiently small. Thus by (10) it
holds that for y; € A,

1= VUO(TT) o o
T(Jo2) = '—————*——“1 n \/’(—/)(TQTT) <1-y9(hT) <czo

and

log 7(Jo 2) <1+ log ¢; (33)
ML= R L4 - :

By (26), (33) and FatOu’s lemma’ one gets
H Es 10g T(J(LQ)
lim sup —
a—0 2log =
< limsup Esllog 7(Jo2)ly1 € A

o—0 2log§

. lOgC5 €2 /252
SEs{llrffgp(_1+210gi_>(1“3(“ 727"+ €))

(1— (e /2" 1+ ¢))

yleA}
= —1+ ce,

and taking ¢ — O one obtains (23). The result now follows from Theorem
1. 0O

Remark. — One checks that the coefficient corresponding to o2 that results
from expanding the cross ratio in (31) with respect to ¢ is not identically
zero, and especially does assume negative values for some u, v/, w,w’ € S
so the term o? in (32) cannot be replaced by a higher power of o, and
therefore it seems that the above bound is the asymptotically best bound
one can get by the technique used.

4. THE CASE OF A DIFFUSION ON A COMPACT MANIFOLD

In this section we treat the filtering of a diffusion process z;, on a
compact Riemannian manifold M of dimension m. All assumptions and
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definitions of section 2 are kept with 7' = R, . Embedding the manifold in
R?, some large enough d, one may write the Itd equation

dz; = b(z)dt + o(x)dWy, zo = x, (34)
with a one dimensional observation process:
dy, = o tg(zy)dt + dvy, 1y = 0. (35)

Here W and v are independent standard Brownian motions on R¢ and
R, respectively, b = {b( )}1<l<d, o = {J 9)}1<1<d and ¢ are Lipschitz-
continuous on M. The function g is also twice cor?tmuously differentiable,
and we denote by g; and g,; its partial derivatives of first and second order,
respectively, in the directions of the coordinate vectors in R?. Furthermore,
we assume that the coefficients b and & lead to a strictly elliptic generator
on M, with heat kernel G(z, y). By comparing to standard bounds on heat
kernels of strictly elliptic operators on R? (e.g., [6], chapter 3), the ellipticity
assumption implies that there exist positive constants cg, ¢; and ¢, such that

cpe~ M/t < Gi(z,y) < et ™2 zye M. (36)

As in section 3, o is used to parameterize the intensity of observation, and
we use the notion 7, (-, ) instead of (-, ) to denote the dependence on o.

THEOREM 3. — Let the state and observation processes be as in (34)
and (35), and assume that the ellipticity condition holds. Then there exist
a non-random function c(o) > 0 and constants ¢’ > 0,¢” > 0 s.t. for any
q,q € P, the following hold P-a.s.

@ v:(q,¢') < —c(o), @ >0,
(b) limsup,_, . V-(¢,¢') < —¢,
(c) limsup, _,, 'Yo(q’q,)ea//a < -L

Remarks. — 1) (¢) above provides an upper bound on «y, which converge
to 0 as 0 — 0. This bound is certainly not believed to be tight (compare
with Theorems 2 and 4 in the discrete time setting). The significance of
this bound is in those cases for which ~, indeed seems to converges to 0
as ¢ — 0 (see [7] for such an example).
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2) Under additional assumptions, with £* denoting the forward operator
of z; on M, the Zakai equation for the filtering of x; given F; is written

du, = L*u,dt + 0~ guedy,, (37)

where ug equals the density of ¢. Though below we do not make use
of the representation (37), Theorem 3 yields exponential stability for its
normalized solution.

Proof. — Throughout the proof ¢ denotes a deterministic constant whose
value may change from line to line. The proof is based on (15). By
ellipticity, xz; is ergodic, and in view of (12), H(Gs) < oc. Next, we fix
4 > 0, and let X be the Riemannian measure on M. Note that in view of (15)
and part (c) of Theorem 1, to prove (a), it suffices to bound H(I2(-;¥3))
by a finite, possibly random, bound. We do so by bounding I5(«, 3;yj)
defined in (7) by bounds that do not depend on « and 3, and using the
representation (12). To this end, note that (see (2), (7) and (35)),

1} . ) 2
o T 1 glz,
I&(avﬁ;yg) = E((] )[exp ( /0 g(—(;ld,qﬁ - 5 /0 A{;E)—CLS)

= ﬂ,fé] a,BeM. (38)

L

We begin with the upper bound. Integrating by parts in (38), we have that

) )
To(ov Biyd) = ES | exp (A5+ / <Ms,dms)+ N.ds)
0 JO

s = 6,.7‘}} .

where
As = 0_19(%)116»

= {MPhcica, MO = —07"yg:(x,),

= _——(0 9 (1'5 +o ysZ(h] U(lk( )&(Jk)(:rs))

1,7,k

Note that (), 59 g, g; and g;; are all bounded, hence

s
Is(a, B;93) < exp (|4s| + Ng)Eéa) (exp/ (M,,dx)|zs =
0

where y,, = supg<,<s |y:|, and

Ns =co(o™ 2 + 0 yy)-
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Denote

it
F, = exp/ (M, dx,).
0

We bound the conditional expectation E((Ja)(Féla:lg = [, Fs) in (39). First,
by Fatou’s lemma and continuity of F; with respect to {,

By (Fylas = 6, F5) < lim B (Fy|os = 8,75),  (40)

where 6,, is a sequence increasing to 6. By the Markov property and the
boundedness from below of Gs(-,-),

ES)(Fy |zs = B, Fs) = ES[Fy, Gs_s, (25, 8)|Fs]/Gs(ev, B)
= bn(a7187 yg)/Gts(aaﬁ) (41)

where we have defined b, as the conditional expectation in (41). Note
that since Fjs,_, is measurable w.r.t. a{xg",yg }, it follows by the same
argument that

bnr(c, B,48) = ES [Fs. Gs_s, (w5, 8)|Fs].

In view of (39) and (40), in order to show the existence of a uniform upper
bound on J(a, 3), it suffices to bound b,, uniformly in «, 8 and n. Now,

I (Ot ﬂ yg)—bn—l(a7ﬁvyg)‘
= |EO((Fa, = Fs,,)Goos, (25, DIFs) | < @@ (42)
where we have used Hélder’s inequality and denoted

o)1/ (m+1) m
Ql = E(g ) “Fén - F6n~1| +1"F5]’

m/(m+1)
Qs = ( [aitimem6n s)df) .
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To bound @, we first use the inequality |e” — 1| < |z|(e* + e~ %) and the
Cauchy-Schwartz inequality. Denoting m’ = 2m + 1 one has
7

@) 1/ m—+1)
Q1= Eq

b1 &y,
X { (eXp/ (Ms,dass)) (exp/ (M,,dz,) _1)
Jo Js,
(a) 1/ (m+1) bn 8y
< EO {: (/ (Msadms)> |:6Xp/ (Mq,d.’lfs>
bn J0O
m-+1
fé]
Té}
(a)1/m' , bn by
By’ [2’" [expm’/ (M, dxg) + exp —m’/ (Ms.,dars)] ]:5}
0 0

Next, using Minkowski’s inequality, and the Burkholder-Davis-Gundy
inequality [10], p. 166 for the martingales [ *MOaWE) | one obtains

m-+1

by
+exp—/ (M37d$s):|
0

!
m

@/m [ %
< EO / (Msvdwa?)
b1

’

(Q)I/Tn/ bn "
E; (M,,dx,) Fs
b1
@m ][ :
S EO (Ms~b($s)ds) }-ﬁ

611-1

/ s ‘6 ’HI/

+ B / (M,,6(z)dW,)| | Fs

. 6 p—1

S Ca"lym(én - 511—1)1/2'

While
EY ™ g [, (0de g
_ E(a)l/m [/m'f (M. b(z)ds) +1nj (M, .5 (. )dW, )l}.]
< eno ym HE(()a)C[ecAjl}-é]
7=1
where

5 | |
ai= [ s e aw
o
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By time change for the stochastic integral, one has that, conditioned on Fj,
d .. .
A= B,,, where By, conditioned on Fj, is a standard BM and

bn
m= [ (00 e )d ) Ps < eho 2 = o
0 i

and hence
B [e54 | £ < B[ecsosisn Be| F5] < 2¢7".
One therefore concludes that
Q, < ca_lym(§n _ é‘n_l)I/Zeco"lymé—i-ca’—zyfné' (43)
On the other hand, using (36) one obtains
Qs < (6 — §,)™/2mAD g=m?/2(m+1), (44)

Now, if we chose 6, = 8(1 —27") and combine (42), (43) and (44), it
follows that

|bn(a7ﬂvy8) - bn—l(avﬂv yg)l

< co_-1ym6(1~m)/22—n/2(m+1)eco‘1ym6+cu_2yzn§.
Since by = Gs(a, ) it follows that

b

by, < 67?4+ ca_lym(s(l_m)/zec‘fly’”‘”c"ﬂyf’t5

which is bounded uniformly in n, o, 8. Thus from (39) and (41) and using
(36), we obtain the upper bound

2

Ié(aa B; yg) < Cec/éecailym-kcé'a’
X (6-7”/2 + U_lymé(l—m)/2€Ca"lym6+ca-2yfn6)‘ (45)

The lower bound follows easily from the upper bound, since by Cauchy-
Schwartz EeX > 1/Ee~*. Hence

LS(Q, ﬂ; yg) > Ce—_c/se_c‘fﬁlym~c6a_2

% (6—711,/2 _+_O_—1ymé‘(l—'rn)/ZeCU'lymts—i-ca'f‘2 2

um®) =1 (46)

Actually, the above suffices for parts (@) and (b) in view of (12) and (15),
since the bounds (45) and (46) are both positive and finite for fixed o as
well as in the limit ¢ — oo.

Annales de IInstitut Henri Poincaré - Probabilités et Statistiques



EXPONENTIAL STABILITY FOR NONLINEAR FILTERING 717

As for part (c¢), we shall need the concrete dependence on ¢ and
6 of the bound on 7, derived from (15) using (45) and (46). Since
Ym < cbo™l + max,<s Vs for ¢ large enough, it follows that P (y,, <
6! + 4v/6) > 1/2. Denote a’ = c6o—' + 4/8. Thus, combining (15).
(45), (46) and the inequality tanh($logz) <1—2z7' z > 0 we get

-1 —2

& o
a, —cho

1 -,
’Yc(qv ql) < ‘2—6 log[l — C(Sm/ZeAC/é(i—w(r

w (6—m/2 +O_——laépcg‘la,gé(l”">/215+r0">(af,)"’b)-2]
o€ .

Substituting 6 = o, we conclude that there exist positive constants ¢ and
oy s.t. for every o < oy,

Yo (g,q) < —e~/7. O

5. THE COUNTABLE STATE SPACE CASE

In [1] bounds are derived for +y in the finite state space case both in discrete
and in continuous time. The technique there is based on the connection
between v and the gap between the two top Lyapunov exponents of the
Zakai equation, and Oseledec’s multiplicative ergodic theorem is intensively
used. Theorem 2 above may be directly applied to provide an extension
of Theorem 2 in [1] to the case of countable state space discrete time.
However, as we show below, in the low observation noise limit, a sharper
result is possible by a direct computation that relies neither on the estimates
of sections 2 and 3, nor on Oseledec’s theorem (and provides an extension
of Theorem 3 of [1]).

We let S = Z and T = Z", and denote the transition matrix by
G = (G(7,7)). Information on its state is given through the observation
process

Yp =0 " Zg(zl) +vi, n>1. (47)
1

The unnormalized conditional law is then given (as in (21), (22)) by the
vectors
pr=DnG Pl 1, P =4 (48)

where G* is the transpose of G and D, is a diagonal matrix with
A, (1) = D,(i,i) = exp(c1g(i)Ay, — 07 2¢%(i)/2). The following result
shows that in the limit ¢ — 0, the behaviour of v, is at least in Q(c2).
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THEOREM 4. —  Assume that the state process {n}nez, satisfies
the following conditions. (a) {Zn}nez, is ergodic. (b) Eg*(z,) < oo.
(c) Eslog G(xo,21) > ~00. (d) ||G|l, = sup; 3, G(i,]) < oco. Let q and
q' be any two probability distributions on S. Then P-a.s.,

limsup oty (a.q) < ~5 Bu inf (gla0) ~ 9(5))°  (49)
-0 2 7 j#wm
In particular, if there exists a state io such that P,(zg = ip) > 0 and
inf; i, [g(%0) — 9(4)| # O then the limsup in (49) is a.s. negative.

In order to prove the theorem, we introduce some notations. For a,b € £;,
let the exterior product be defined by a A b = ab* — ba* (compare with
the usual definition [5], p. 61). Note that W = a A b is an antisymmetric
matrix. We define for it the pth norm by

W, = _ WG, )1,

’ (50)
pelloc) Wl =sup|W(i. i)
Let A?¢, denote the space {a A bla,b € £,} and note that Jla A bll, < oo if
aAbe A, For p € [1,00] and a linear operator A on A%{, we denote
by ||Al|, its operator norm w.r.t. the pth norm defined by (50). We do not
distinguish between the measure ¢ € P and the vector ¢ € £; for which
[lg|l1 = 1. Moreover, we define the set of positive probability measures on
(S,8) by P° = {q € Plq(i) > 0,i € Z}.

We first prove the following

LEMMA 2. — Let p,np € {1 be non-negative and non-zero, and denote
p = p/llplli,g = n/linllr. Then
llp Al o Al
W2 Moo <y — gy < 01, (51)
el I < ottty

Proof. — On one hand, it is easy to see that for any o > 1 and a,l_) € ¢s,
if [|all2 = ||bl]2 = 1 then ||a — b||2 < ||a — abl|;. Thus, assuming w.l.o.g.
that ||p||2 < ||¢|l2, and denoting the angle between p and ¢ by pq we get

P llall_q
(pllz  lpliz llglle

llp — ally >|lp — dqll2 = llpll2

2

e in ~1-’\
el o = o, = 1Pl 2] <2pq)‘
>|lpllz |sinpal = |Ipll- l—lll%ﬂ%

o Al
~lpllllmll
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The last equality is well known (see e.g., [3], p. 61). On the other hand,

2

>, pOn(g) = pli)n(d)
lp—qll =
ol Il
< 32 en() = pm(@) o
ol lnlh
_ lonnl,
loll il

Proof of Theorem 4. — Given ¢ and ¢’ we denote p,, = p? and 7, = p;{"‘
In order to use the lemma, we first provide lower bounds on ||p,||; and
|7 |1, and an upper bound on ||p, A ns|,. First,

pali) = Y polio)Glioyir) -+ Glin-1,)D1(21) - An(n).

20,-yln—1

Hpnnl > pn(Tn) 2> pO(l'O)G(lL'Ov -771) s G($71,41~,IETL>A1(:I"1) Tt An(l’n)'

Using the ergodic theorem, we get that P-a.s.

linrr*lgf % log ||pnll1 > Eslog G(zo, z1) + E,q*(z0)/20". (52)
Secondly, using (48), we obtain the following recursion
P N = Pty = TPy = DnG™(pnoy ATin-1)GDn.
Write the above elementwise as

(pn A nn)ij = An(l)(z G(ka i)(ﬂn«l A nn,—l)ch,lG(le))An(j)a (53)

k,l

and get the relation

llon A nnm1 < S;lp An()An(4) “|G|"1|Hpn~l A 7771—1|||1
i#]

where G is the operator on A?/; defined by u Av — G*(uAv)G. By (53),

G, <supd_ G(k,)G(1L,35) = |GIf}.

4,7 k.l

We thus obtain, using again the ergodic theorem, that P-a.s.

. 1 . .
limsup — log [lpn A nnll, < Es logsl;p A1 (D)Aq(5) + 2log||Glli. (54)
1#]

—00 n
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Next, since E,(Ay,)? = (1 + E,g*(x0)/0?)/2,
E, log§1;p Aq(2)A1(7)
= 5B nfl(Aus - 9()/0)? + (Ayr - 9(3)/)?] + (1+ Bug*(wn)/a”)

< ‘%Es{iﬁf[myl = 9()/0)* + (Ays ~ g(5)/o)*llow| < €}
xfpmﬂ<eyH1+Ey%%V¥)'

S—Z;Eﬁg£@@ﬂ+am—gUDmmﬂ<f}
xiwwq<@+%1+Ew%mﬂf)

< ~ g3 Bl lg(ea) ~ g} = v 0)?

X (1— 6”62/2”2) + (14 E.g*(x0)/0?), (55)

for any constant € > 0 and sufficiently small o. Now the right hand side of
(51) together with (52), (54) and the above imply the theorem. [

We next show that in a specific class of problems, (49) is also a lower
bound in a sense to be explained below. We concentrate on the class I/
of processes for which the transition matrix G has all its 2 x 2 minors
non-negative. An important subclass of U/ is that of the nearest neighbour
processes ie., those that possess a transition matrix G = exp(sA) where
s > 0 and A is an intensity matrix for which [¢ — j| > 1 implies
A(i,7) = 0. Indeed, the latter condition on G implies that it is totally
positive as an operator on ¢;, which by definition implies that the process
it generates belongs to I{. For the above results and further discussion see
[11], pp. 38-45]. Let us denote for 7,5, k,] € Z

Gil = G(k,i)G(l, ) — G(1,9)G(k, ).

For ¢ < j,k < | the latter are the 2 x 2 minors of G. We further assume
that the infimum in (49) is always achieved namely, there exists a function
7 : Z — Z such that

inflg(i) — 9(7)| = 9(6) ~ g(r(D)] and w(i) #4, i€ (56)

For a probability measure m on P, we shall require the following.
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AssumpTioN A3. — For every proper linear subspace () of /4.

m{QNP)=0.

ExaMPLE 1. — Let a;,7 € Z be ii.d. real-valued non-negative bounded
random variables, with a common law that is absolutely continuous w.r.1.
the Lebesgue measure, and let c;, i € 1 be positive constants s.t. y ., ¢; < .
Let z; = c;ai/ 3_; cja;,i € L and define m to be the measure on P induced
by the random vector {z;}icz. Then m satisfies Assumption A3.

Proof. — Define 1 to be the measure on /., induced by {a;};cz. Let
() be a proper subspace of ¢;. Then there exists a non-zero w € f,
st. if ¢ € Q then Y w;g; = 0. Let k£ be such that w, # 0. Then
m({z € P| 3, wizi = 0}) = p({a € locwrar = =3, wicia; }) which
vanishes, since ay, is p-independent of a,,¢ # &, and its law is absolutely
continuous w.r.t. the Lebesgue measure. [

We have the following result.

THEOREM 5. — Let {xy}nez, belong to U and let it satisfy (a)-(d) of
theorem 4. Assume moreover that there exists a « : L — I satisfying (56),
such that E, logIGﬁ:g?gl > —00. Let q and ¢’ be random, distributed

according to vwo given probability measures m and m/, respectively, on P
satisfying Assumption A3. Then m x m' x P-a.s.,

1 / 1
lim inf o® lim inf ﬁlog drv (ph,pi) 2 — 5 Es(g(20) — g(m(w)))?. (57

n—oo 2

In particular, m x m’ X P-a.s., (49} holds with equaliry.

Proof. — We shall use the left hand side of (51) and develop bounds
analogous to (52) and (54) but in opposite direction. The first bound
follows easily from (48) namely,

. 1 .
lim sup o log [|pnll1 < log (|Gl + E IOgSQP A7)

n—oo

1 :
< log |Gl + 5 (14 Esg*(wo)/0%).  (58)

The lower bound on ||p, A 7)., is more complicated. Assume first that
g and ¢’ are such that all the entries above the diagonal of the matrix
q A ¢ are positive. By (53), positivity of the 2 x 2 minors and the positivity
assumption on the initial condition, it follows that for : < 7 and k < [

(P A )i 2 An(i)An(j)G:’cj(pn~l A1)k (59)
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Note however, that for ¢ > j we have (p, A1) ; = —(pn A 7n)j., and

moreover, GZ ]1 = —Gﬁ:? = —Gf{’,-,l. It thus follows from (59) that for any
i, 7, k,l we have

(P A )il > Ba(DAuDICE] [ (puet AMe)ia]- (60)

Substituting ¢ = z,,5 = 7(z,),k = z,—1 and | = w(z,_1), passing to
the limit, we get that P-a.s.,

imi 1 g, m(®
liminf ~1og[lon A allee 2 s log As(21)Av(r(21)) + By log |G (o))

z1,7(x1)
11, 1,
= ;__2Es 29 (wo) + 9(zo)g(m(z0)) — 39 (m(z0))
+ B, log |GZTE)|. - (61)

Observe that in the derivation of the bounds (54), (55) and (61), only
bounds on the operators D,, and G are involved, not on g or ¢'. Hence the
null sets of P on which these bounds fail to hold are independent of ¢ and
q'. We thus summarize (54), (55) and (61) as follows. There exists a set
Qo € B of full P-measure, such that for all ¢ and ¢’ with ¢ A ¢’ positive
above the diagonal, and w € {1,

1
lim igf o? liminf ~ log [lpn A 7l
n—oo 1

og—

1
= limsup o? limsup — log || pn. A 7l
n

o—0 n—00

= E[g%(z0) + 29(70)g(m(x0)) — g°(x(0))]/2
=C. (62)

Hence, for ¢, ¢" as assumed, (57) holds by the Lh.s. of (51), (58) and (62).
We extend the above result to general ¢ and ¢’ in a few steps.

LeEMMA 3. — For any q € P? there exists a qy € P° s.t. all entries above
the diagonal of q N qo are positive.

LEMMA 4. — There exists a set )1 € B of full P-measure s.t. the following
holds. If ¢ € P° and Q' (w, q) is the subset of P of all ¢’ for which (62) does
not hold, then for every w € Q;, Q'(w,q) is the intersection of a proper
linear subspace of £1 and P.

In view of Lemma 4 and Assumption A3, for every w € €2; and
q € P°, (57) fails to hold only when ¢’ belongs to a null set of m/
(possibly depending on ¢ and w). Since from Assumption A3, m(P\P°) =
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m(U,{g € P: q(n) =0}) <3, m({g € P: q(n) = 0}) = 0. the proof
is complete. [

Proof of Lemma 3. — Define the sequence a{n),n € Z as follows. Let

a(0) = 1; forn > 1 and & < —1 let

a(n) = e a(n — Dg(n)/q(n - 1).

. 63
a(k) = e V¥ a(k + )g(k)/q(k + 1). (63)

Then for any n € Z, a(n) < cg(n)/q(0) so that a(n) is summable. Let

now go(n) = a(n)/ >, af7). Then for j = i+ 1 we have from (63) that
q(1)qo(j) > q(j)qg( ). By induction, the latter holds for any i < j, and
the Lemma follows. [

Proof of Lemma 4. — Denote the matrix p, A n, for which py = ¢
and ny = ¢’ by W,,(q,q¢’). Since (54) and (55) hold, there exists a full
P-measure set Qf, € B, such that for all w € €, and ¢.4" € P,

lim sup o hm%up lOg W (g, 4.

o—0 n—oc

where C is as in (62). Fix ¢ € P°. If Q'(w.q) is empty, the lemma
holds trivially. Otherwise, let py,ps € Q'(w,q). Then (62) does not hold
for W,(q,p:i), i = 1,2 (i.e., when p, = p¢ and n, = pP). Hence, for
all w € €,

limsup o hmsup log | Wy.(q. pi)ll ., i=1,2.

a—0 n—r00

Let A € R be such that ¢ = ¢'(A\) = Ap; + (1 — A)p2 € P. Then
Wiolq.q') = AW, (g, p1)+ (1 — AW, (¢, p2), and it follows that for w € €2,

limsup ¢* lim sup — log’r IW..(q.4)H.. <C.

o—0 n—oC

Thus for every ¢ € P° and w € Qf, Q'(w,q) is the intersection of a
linear subspace of ¢, and P. Let now ¢ be as in Lemma 3. Thus by (62),
whenever w € 2y, one has that go € Q' (w, ¢). This implies that whenever
w € 1y = Qo Ny, the subspace must be proper. [

ExaMPLE 2. — If G is the transition matrix of a finite state Markov chain

such that all its entries and 2 X 2 minors are positive, then all assumptions
of Theorems 4, 5 hold.

Vol. 33, n° 6-1997.
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6. STABILITY OF THE OPTIMAL SMOOTHER

The above analysis has implications to the problem of sensitivity of the
optimal smoother to its initial conditions. We focus on the following model,
studied in [21].

d.’L’t = b(.’L't)dt + 5(3;‘t)th, o =1, T € Rn,

dy: = g(x)dt + dvy, 30 =0, y, €R™.

Here, W; and u; are independent standard Brownian motions, b =
{09} 1<i<n, 6 = {69} 1cicn and g = {g@}1<igm are globally Lipschitz-
continuous, b and g aréjfcnontinuously differentiable and & is twice
continuously differentiable and its second derivatives are all bounded. The
initial condition z is distributed according to pg, independently of W, and v.

For 0 < r < s < t, let pj, . and p;, denote the joint filtering-
smoothing conditional law and the smoothing conditional law, respectively,
defined by pl, (@) = E(®(z,, ;)| Fri] and pt,(¢) = E[$(a.)|Fodl
and the corresponding unnormalized conditional laws by p!_ .(®) =
E3[®(z0, ) AT Aol Fri] and o, (9) = B3¢, AdlFo.o). Let now () be
the density of the unconditional law of x; under P. Under the assumptions
stated above, it is shown in [21] that the density of the joint filtering-
smoothing law, where the variable z; € R™ corresponds to z; and 25 € R”
to x,, satisfies

5. . ~
Po:§7t(217 z) = £0,0,s(22, Zo)Ps,s,t(Zl, 22) [Do(20)Ps(22)-

Letting jo,s,t(_zo,zz) = pgf,?(zQ) one can show that for 0 < s < ¢,
7(Jo,s) = 7(Jos.), and it follows that

THEOREM 6. — Under the assumptions of this section and those of
Theorem 1, for any comparable q and ¢/, and any 6§ > 0, P-a.s.,
1 : 1
limsup - log drv(pi, pt;) < < Eslog 7(Jos).

s— o0 S -

t>s
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